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Engagement Data-driven CEO Chief Data Officer

Organizational
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Data Science Data Bl Praject Project Business Data aEe
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Transforming Creating As-a-Service Crowdsourcing
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Data at scale Data in many forms Data in motion
Terabytes to Structured, unstructured, Analysis of streaming data
petabytas of data text, multimecia to enable decisions within

fractions of a second

Data uncertainty

Managing the reliability and predictability
of inherently imprecise data types

Crowdsourcing +  Physical modeling  +  Sensing + DataAssmilation
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